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The More People Know, the More They See?*
The Impact of Perceived and Actual Knowledge, and Knowledge Gap Factors on User
Attitudes Toward Recommendation Algorithms
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Recommendation algorithms, while not immediately evident, can have a significant and lasting impact
on users. Therefore, it is critical that media users recognize and comprehend these algorithms.
Specifically, it is essential to accurately identify the potential negative outcomes and biases that
recommendation algorithms may introduce, and to apply them with critical awareness. Such critical
attitude is fundamental for the democratic use of recommendation algorithms. Hence, this study
conducted an empirical analysis of the factors that shape people's attitudes toward recommendation
algorithms. Specifically, we examined how perceived and actual knowledge about recommendation
algorithms influence attitudes toward three types of recommendation algorithms—that are,
entertainment content, news, and advertisements recommendation algorithms. We first investigated
how two types of algorithm knowledge are influenced by (a) socio-demographic factors, (b) media
use, and () digital literacy (collectively referred to as the "knowledge gap" factor), and examined
how algorithm knowledge is associated with algorithm attitudes. A nation-wide survey of 1,169 adult
algorithm users was conducted using quota sampling. The findings show that there were substantial
disparities in levels of algorithm knowledge based on the knowiedge gap factors such as age, income,
education level, online media use, and digital literacy. Groups with younger individuals and those with
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higher levels of income, education, online media use, and digital literacy tend to have both higher
perceived, and actual knowledge of recommendation algorithms. Second, perceived knowledge about
recommendation algorithms had a positive relationship with actual knowledge. However, these two
types of knowledge had different relationships with algorithm attitudes; that is, only perceived
knowledge showed a positive relationship with entertainment-content algorithm, whereas actual
knowledge did not show any significant relationship with any types of algorithm attitude. Third, there
were several knowledge gap factors that significantly correlated with algorithm attitude. Age, online
media use, and digital literacy were significantly related to attitudes toward entertainment-content
recommendation algorithms, whereas traditional and online media use were positively related to news
recommendation algorithm attitudes. On the other hand, no factors were found to influence attitudes
toward advertisements recommendation algorithms. Fourth, across all three types of algorithms,
traditional media use, online media use, and digital literacy were found to be significant factors
influencing algorithm attitudes, while algorithm knowledge (both perceived and actual) was of lower
importance. Overall, media use and digital literacy were the most critical factors in shaping attitudes
toward recommendation algorithms, whereas algorithm knowledge had a minimal impact.
Additionally, we found a "knowledge gap" in algorithm knowledge, in which people's level of
algorithm knowledge varies significantly depending on their age, income, education level, and digital
literacy. However, no identical pattern of gap was found in relation to the formation of algorithm
attitudes. Implications for algorithm literacy education were discussed.

Keywords: Recommendation Algorithm Attitude, Recommendation Algorithm  Knowledge,
Knowledge Gap Factors, Digital Divide
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Appendix 1. Distribution of Perceived and Actual Algorithm Knowledge by Multiple Factors
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Appendix 2 Distribution of Entertainment-Content Recommendation Algorithm Attitude by Multiple

Factors
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Appendix 3. Distribution of News Recommendation Algorithm Attitude by Multiple Factors
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Appendix 4. Distribution of Advertisements Recommendation Algorithm Attitude by Multiple Factors
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