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This study examined the relationship between the use of customization and personalization and the
type of selective exposure that characterizes the current media information environment and the
online expression of opinion by YouTube users. Specifically, this study examined the use of YouTube
information from a complex perspective, including whether the use of YouTube algorithmic
recommendations increases the phenomenon of selective exposure or leads to cross-cutting exposure
to information from different perspectives. In particular, this study did not exclude the customization
process as an independent process, but considered that it may occur together with the personalization
process, and considered antecedent factors such as YouTube trust and political affiliation. This study
showed that the mechanisms by which users express opinions and shape public opinion in the
YouTube space operate in a complex manner through multiple pathways and multiple factors.
Personalized users, who consumed information mainly from subscribed channels, actively express their
opinions by liking and disliking YouTube videos and writing comments. At the same time, users who
are accidentally exposed to other-side views through YouTube's recommendation algorithms or who
seek out information from perspectives different from their own are also active in commenting and
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sharing information on social media. Ultimately, this study suggested that in YouTube, where
information on various topics and complex perspectives exists, users can be exposed to a variety of
videos, whether accidentally or intentionally, and if utilized wisely, it can be made into a public forum
to foster knowledgeable citizens in a democratic society. In conclusion, this study provides
theoretically and practically significant results by exploring the complex communication mechanisms in
the information environment of YouTube, which is different from the existing online media
environment. YouTube can be a filter bubble or a new alternative public forum, depending on how
users use it. Our findings support the growing importance of YouTube literacy. Specifically, it can be
inferred that users who only consume information from subscribed channels are more likely to take
active actions based on their trust, loyalty, and internal familiarity with the channel itself rather than
the quality of the message. Blindly and passively consuming information on YouTube can lead to echo
chambers, filter bubbles, and other phenomena that previous studies have warned about. On the
contrary, however, if YouTube's recommendation algorithm personalization allows users to be actively
exposed to a variety of information, YouTube may become a meaningful space for democratic public
discourse, contrary to existing concerns.

Keywords: YouTube recommendation algorithm, customization, personalization, selective exposure,
online communication
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Table 1. Descriptive Statistics and Zero-Order Correlations Among Variables

Variable 1 2 3 4 5 6 7 8 9 10 11 12
1. Gender 1
2. Age -02 1
3. Education -04 .04 1
4. Income =120 26" 27 1
5. Political Ideology .09 -01 .02 .01 1
6. Political Interest =11 A7t .09 .15t 16t 1

7. YouTube Environments
(Customization)

8. Exposure Type (Selective) .03 .04 -05 .01 .02 .10 .15 1

-02 -02 -01 .02 .05 .01 1

9. Information-Seeking .05 .02 -02 .06 .04 .24* .05 .03 1

10. Like / Dislike -03 .07 -07 .08 .02 .22 09 .03 .B54* 1

11. Comments -06 .09 -06 .10 .04 .19* .04 -03 .B3" .69 1

12. Sharing -02 .04 -04 .08 .03 .18 .02 -02 .B4* .64 .79° 1
M 150 40.24 3.84 472 307 3.3 184 202 326 289 265 2.55
SD b0 1183 75 218 76 89 .83 .87 .86 121 1.19 1.18

Note. Gender(82), Age(®43), Education(ISE), Income(hS5E), Political ideology(BA| A&, Political
interest (] BAIE), YouTube environments(RFE 0|82l SES8D), Exposure type(BELE R AMEM F),
Informmation-seeking(F7 IAEEMY) | Like/Dislike(Z012/20012 22), Comments(SH2 &4), Sharing(@84 SR
*p (.05 ®p (.01. **p(.001. N=1,173

Atk TA 0= ARtk walo] Bers R ARl tiel e oR mEshs 3ol
=B = .12, p(.001

!
g WAE HolH STk A £ vdo] Wllits FUIEE A ol 8NIE=(R =

v
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Table 2. Hierarchical Regression Results for Exposure Type

Selective Exposure Cross-Cutting Exposure Selective Avoidance

Variables
B t SE B t SE B t SE

Block 1: Control Variables
Female (dummy: Male) .09 1.95* .05 -.04 =77 .05 .10 1.50 .07
Age -.01 -.68 .01 -01 -2656"™ .01 -01 -450" .01
Education -.01 -.38 .03 -07 -198 .03 -10 -229* 04
Income .02 1.57 .01 .03 213" .01 .03 1.64 .02
Political Ideology .04 1.19 .03 .04 .99 .04 13 2.71% .04
Political Interest A2 4101 03 10 328%™ .03 17 433" 04

R?(F) .03 (4.26)*** .02 (4.33)*** .04 (9.79)***
Block 2: Media Variables
YouTube Use Frequency 05 214 02 .01 13 02 -01 -.16 .03
YouTube Reliability A7 1210 .04 46 1089 .04 40 667" .06

R?(F) .18 (89.00)*** .14 (64.65)"* .09 (22.69)"**
Block 3: YouTube Use Environments
Customization .05 1.99" 03 -02 -41" .03 .09 2.35* .04

R?(F) .19 (4.05)* .14.(0.33) 10 (6.27)

Note. YouTube use frequency(F5E2 018215), YouTube reliability(FFE A2|S), Customization(SE&5S}0[8)
*p (.05, ®p (.01. **p (.001.
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Table 3. Hierarchical Regression Results for Information-Seeking

Variables Model

B t SE
Block 1: Control Variables
Female (dummy: Male) 15 3.00"* .05
Age -.01 -.90 .01
Education .05 1.72* .03
Income .02 1.57 .01
Political Ideology -.01 =17 .04
Political Interest .25 8.01"** .04

R?=.07, F=13.11"

Block 2: Media Variables
YouTube Use Frequency .03 1.41 .02
YouTube Reliability 46 10.84** .04

R? =18, F=69.17**

Block 3: YouTube Use Environments
Customization .05 1.75* .03
R? =19, F=23.04*

Block 4: Exposure Type
Selective Exposure -.03 -.10 .03
R?=.19, F=0.98

Note. *p (.05. **p (.01. ***p (.001.

H =S58 =& wA) 2F) o] eV 9%
_L
=

R U
AR R HEFEB = ~17, p ¢ 00D 255 = ~04, p( 05)& Toha-aole.
S} 27} 252 P2 nglow], JARHIEE Fol
BYEHB = .30, p ¢ .001). - W) B52) vitlo] o] el Ff AREsL HH
WA BAOM(B = .60, p( .001), Al WAl EZOZ AT R ol PR A
9 ol§ B9 UES At 345 Zola 5 SPHERS AFHOE she 2l0= vehdt
(B = .13, p< .01, P BB02 A% AN wB53e] Z9el Foha 29 B9lo] B

AR oz Fojufgl oJgks- n|x|#] AcH(Table 4)2] Model 1 #3).
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Table 4. Hierarchical Regression Results for Online Opinion Expression

. Like / Dislike Comments Sharing
Variables
Model 1 Model 2 Model 3
Block 1: Control Variables
Female (dummy: Male) -.02(.23) -.08 (-.96) .01 (.12)
Age .01 (.89) .01 (1.33)* -.01(-0.28)
Education -17 (-3.62)"** -.16 (-3.68)"** =12 (-2.61)***
Income =04 (2.21)** -.05 (2.83)** =04 2.71)*
Political Ideology -.02 (-61) .02 (0.36) .01 (0.17)
Political Interest .30 (7.52)*** .24 (6.32)*** .24 (6.08)***
R? (F) .06 (13.68)*** .06 (11.64)"** .04 (8.81)**
Block 2: Media Variables
YouTube Use Frequency -.05 (-1.68) -.09 (-2.95)** -.09 (-2.9)*
YouTube Reliability .60 (10.26)*** 71(12.91)7* 74 (14.14)7*
R? (F) 15 (62.73)*** .18 (83.35)"** .18 (100.09)***
Block 3: YouTube Use Environments
Customization 13 (3.25)** .06 (1.70)** .09 (.25)
R? (F) .16 (10.44)* .18 (1.52) .18 (.06)
Block 4: Exposure Type
Selective Exposure -.02 (-.39) -.10 (-2.22)* -11(-2.87)*
R? (P 16 (1.61)* .20 (11.95)*** .20 (8.25)**

Note. *p (.06, **p (.01. **p (.001.
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